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l. CUDAE¥=2—/LZu—F: module load cuda/8.0.44-cuDNN7
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3. Anaconda3 E¥ = —/L&Z H— R module load anaconda3

4. Anaconda BREEZHEEET HICHT- > T, A—LbT 4 L7 MU % Lustre 7 7 A )V AT LITE
¥ . export HOME=/lustre/gi99/i12345
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5. Anaconda BgBi% create, activate 92, Z Z Tld chainerMN & W) BEE4 1295 ¢ conda
create -n chainerMN python=3; source activate chainerMN

6. Cupy A A h—JL: pip install -U cupy --no-cache-dir -vvv
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e export NCCI, SHM DISABLE=1
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e export NCCL NET GDR READ=1
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#1/bin/sh

#PBS -g h-regular

#PBS -1 select=32:mpiprocs=2
#PBS -l walltime=04:00:00
#PBS -W group_list=gi99

cd $PBS_O_WORKDIR

module load cuda/8.0.44-cuDNN7 anaconda3
module switch intel-mpi openmpi-gdr/2.1.1/intel
export HOME=/lustre/gi99/i12345

source activate chainerMN

mpirun --mca mtl *mxm --mca coll_hcoll_enable 0 ¥
--mca btl_openib_want_cuda_gdr 1 ¥

--mca mpi_warn_on_fork 0 ./get_local_rank_ompi ¥
python train_imagenet.py -+ >& log-${PBS_JOBID}
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