


2

o MR (ML: Machine Learning)

— OVEaA—43TAROZEEIZHETSEEAEERLEZLD

— Lk\i:ﬂ%jgﬁg (Al: Artificial Intelligence)ERIFETHEHONHENZ VD, KEAIIZEH-EIL
« EFEZEE -T«—TT—=7% (DL: Deep Learning)

- ZBHOBHIOHRA=Z1—FI 3 YT —0FBANTITOEHEE D FiE

— DLETDESHIREDALIMET —LEXZ TS

NI ENEE (Al) Hlp =638
BRREIGIE RZALNS &G FDOKHYIC
BEEE (ML) INF—D LHESRIZIRTEL T B EDREZT R

HKY(ZETITBA=HIZaEL—3RT LM
FRTHT7ITVALELVHETETILOR
FHRTHS, (Wikipedia)

REFE
TA—I53—=7
(DL)




LB ARG B EGPUD F A

GPU
- HENEER « KE. BBULEQ-HOTOEYY
—- MARE. L— 8. BEAEIEE. - RFGEANEGE -aAMEREMN L,
FRERIEIR T7Ot5L—32ELTR/NNAVIZEA
- BEENEHER « ITHIEEMNFE
— Google#IER . DeeplL - FEFEIZHHEE
c BEmoi. BASELE
— Amazon: Alexa o EEZE AN FEATEINIZEIE
= épplel: Slg oAt * GPUIZEBEZE R (TOHEEELIEN
L BEessEne — FUYILAT

— FHEE(FPI6)ZEDREE -BEEEE

"Google Self-Driving Car" by smoothgroover22 Automobile Italig CCBY2.0 ASTYX HIRES2019 DATASET CC-BY-NC-SA 4.0
is licensed under CC BY-SA 2.0
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"Data Set" by IBM Research is licensed under CC BY-ND 2.0
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CNN (Con<yolutional Neural Network)
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* MNIST (Mixed National Institute of Standards and Technology database)
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Deep Learning: &YDeepZiCNN
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TensorFlow
— Google

PyTorch

— Facebook

Chainer
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https://github.com/fmfn/BayesianOptimization/blob/master/examples/bayesian_optimization.gif
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Nomura Y, J Supercomput. 20 Jan 2020 (Epub ahead)
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Olaf Ronneberger, et al., U-Net: Convolutional Networks
for Biomedical Image Segmentation.”, 2015
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64 3 fE15847 20 72.0%
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* ResNet50

« 1007/ RYIEST
« 64,128, 240 GPU (RB-H)

e ChainerMN 1.0.0

— OpenMPI 2.1.1, NCCLv2
— Chainer 3.1.0

— python 3.6.1, CUDA 8, cuDNN7, cupy 2.1.0
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— https://www.soumu.go.jp/johotsusintokei/whitepaper/ja/r01/index.

htmI
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« TOMNB{ESHDeep Learning
— http://www.oreilly.co.jp/books/9784873117584/
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Thank you for watching



